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The promise of AI
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But what is the current state of AI
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Why do AI initiatives fail? 
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Not well understood
} AI is still generally not well understood except 

by a relatively small number of people
} Few executives and managers truly understand  

what AI really is, the  current state of AI and it 
capabilities and the value it represents.

Lack of data driven leadership
} Data-Driven Leaders build data culture.
} Data-Driven Leaders incorporate data into all 

positions
} Data-Driven Leaders communicate between 

data scientists and management

C
apabilities

A
gile

Lack of capabilities 
} Lack of clear strategy
} Lack of talent with appropriate skill sets
} Lack of good quality data
} Lack of technological infrastructure

Pursuing in non agile way
} Many organisations stick to  standard systems 

development lifecycle (SDLC)
} Not appropriately respecting the exploratory 

and experimental nature of AI 



Organization
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Risk	Management



Some Initiatives in ABA-AMRO to make AI succeed 
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Data is a precious thing and will last longer 
than the systems themselves.

TIM BERNERS-LEE, 
FATHER OF THE WORLDWIDE WEB

Improving Data Quality
• Coherent approach to improve the data 

quality at the source is required

• Improved Reference and Master Data 
management

• Certain foundational capabilities like 
Enterprise Party Reference are key to enable 
better data quality

Enabling Advanced Analytics/AI
• Raising Awareness

• Building Capabilities  

• Execute Uses Cases /Lighthouse projects

Ensuring Data Governance
• Continue the implementation of List of 

Golden Sources across the organisation

• Establish clear data owners for the 
identified sources

• Data dictionary is key to understand 
meaning of data supported by 
information modelling

• Support businesses to build the data 
strategy based on the business strategy 

€
80% of analyst’s time is spent 
simply discovering and preparing 
data.
HARVARD BUSINESS REVIEW



A use case driven approach combined with capability building and a 
data centric culture is key
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Capabilities

• Scale-up analytical software 
and hardware, including cloud 

• Attract talent and build 
communities

• Progress on delivery by 
creating grids for Data & 
Analytics

Culture and awareness

• Establish a data centric culture
• Enhance data-savviness of 

employees and leadership
• Think like “reCAPTCHA”, 

create or buy new products to 
collect data 

• Use external data

Use cases/ Lighthouse 
projects

• Operationalise use cases beyond  
the stage of experiments

• Achieve synergy within the 
organisation based similar 
characteristics of use cases

• Capabilities built based on use 
cases which deliver value



Culture and awareness
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Democratizes	data-driven	decision	making	with	Data	Academy	



Culture and awareness
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Data	Academy	Curriculum		Overview	

High-Level: Offensive strategy for Management Teams and Executive Committee
} Key financial services opportunities enabled by AI (examples in Deposits and Lending; Insurance; 

Payments; Investment Management ; Capital Markets; Market Infrastructure; etc)

100 –Level: Data Awareness
} Data management principles (MDM); data quality improvement; data informed decision making; intro 

to stats and data resources  

200 –Level: ML/AI for developers 
} Difference between traditional programing and ML; How ML works (Cost function optimization , 

Gradient descent, transfer learning), Training vs Inference; Testing with data; DTAP vs DAP 

300 –Level: ML/AI at scale
} Cloud services (Data Lake; DWH; noSQL DB); Hadoop; databricks (spark); Containers; 

Microservices; Version control; CI/CD pipelines; Model management; Python, ect.   



Capabilities
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Creation of a dedicated 
grid for enabling data & 
analytics



Capabilities
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Digital Integration Access layer: the data lake   
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Modern data warehousing: The concept of Integrated Data Stores (IDS)
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The	conceptof	Integrated	Data	Stores	(IDS)

Capabilities



Capabilities
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IT decentralization  

Today  Today and tomorrow

Centralized IT organization
ML models build in the business 

department; run and monitor 
within the IT department     



Capabilities 
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Human resources  

Recruit 
• Big data integration; security and cloud architects ; 
• Big data engineers; 
• Lead data scientists; 
• Change managers etc



Use cases
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Lighthouse	projects

• Lighthouse projects are projects with a high degree of innovation that run largescale 
data-driven demonstrations whose main objectives are to create impact and to 
promote visibility and awareness, leading to a faster uptake of ML/AI  applications 
and solutions.
• They are the major mechanism to demonstrate ML/AI ecosystems and sustainable 

data marketplaces, and thus promote increased competitiveness of established services 
as well as the creation of new services for the bank’s customers.
• Furthermore, they propose replicable solutions by using the scalable cloud 

technologies that show evidence of data value and could be integrated in an 
innovative way.
• Examples: Anti Money Laundering, Fighting human trafficking with financial traces, 

New Client Take On risk assessment, Instant payment 
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The credit transfer, Instant Payment, is processed 
within 5 seconds and the funds are directly 
available for re-use by the recipient, also when 
bank accounts are held at different banks.

Instant Payments can be made at any time of the 
day, every day of the year. Also during weekends, 
on public holidays or even at night

Already possible to transfer money real-time between two accounts of the same bank. 
This real-time experience will now also become normal for transfers between accounts of different banks

Instant Payments is based on a European standard making transactions between Dutch and European 
banks possible.

Use cases
Instant payment model



Traditional Payment.
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01 Person 1 buys goods from someone else 
and initiates a credit transfer

2a
The payment order is received by the bank of the 
buyer and will be routed to the bank of the 
beneficiary (payee). A SEPA compliant clearing 
mechanism is used.

2b The exchange funds between the banks at central bank 
level is completed before the payment order 2c

2c The bank of the beneficiary receive a 
payment order to credit the beneficiary

3 Payee receives the payment

4 The beneficiary delivers the goods   



Instant Payment
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01 Person 1 buys goods from someone else 
and initiates a credit transfer

01 The Payee receives the payment 2b The exchange funds between the banks at 
central bank level is completed

2c The bank of the beneficiary receive the 
money

01 The beneficiary delivers the goods   

2a
The payment order is received by the bank 
of the buyer and will be routed to the 
clearing



Instant Payment: How much PRE-FUNDING 
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We need to maintain sufficient balance to facilitate the instant payments in the 
account of clearing agency by paying some commission, which in turn adds cost 
overhead to ABN and also limits the bank to invest this money in other channels

Accurate prediction on the account flow which can help bank to minimize 
the balance that we need to maintain with clearing agency



Model walkthrough 
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§ Consider traffic going from ABNAMRO to other banks (the other 
direction is the next update)

§ An Instant Payment transaction is limited to 15k Euros
§ Only consider mobile and internet transactions
§ Historic data contains all banks, we use reach-files to select 

transactions only to “Instant reachable” banks are selected
§ Forecasts are based on past one year of data (few historical data in 

DIAL)
§ To simplify transaction patterns, aggregate in blocks of 3 hours: For 

each target bank, transaction type and time-bin, we add up all 
transactions.



Model walkthrough 
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The forecasting algorithm is based on Facebook’s Prophet python 
package, used within Facebook  for many times series forecasting 
purposes 
§ Prophet automatically detects changes in trends by selecting change 

points from the data
§ Prophet detects seasonal component using Fourier series 

decomposition of the time series.
§ Prophet detects weekly seasonal component using dummy variables.
§ The user may provide a list of important holidays (Sinterklaas, 

kerstmis, etc).



Model walkthrough 
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Model Account balance forecast
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Solution architecture
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Business value
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~= 1-5M EUR/Year

Solution Maintenance 
Cost ~= 2K 
EUR/Year



Stakeholder/Collaboration
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OPSIP

CBSP 
Azure

CoESD

CAB

IDO

DIAL

CISO

BB

Source

ARB

OPSI

MAAP

Data science/expert team operations

Operations DevOps team.



Lessons learned 
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§ Enterprise Machine Learning is top team sport 
§ Enterprise Machine Learning needs data driven leadership 
§ Enterprise Machine Learning drives business decisions and 

creates value 
§ABN-AMRO is on the right track to become a data driven 

bank
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“In God we trust, all others must bring data”

Never said by W. Edwards Deming, though 
he would have appreciated it.


